ABICETRIERALEAHEE) —4—T 075 L
ERAID LA

T¥ X FERKDTEA

SH=2

HRAAY KERITERFRR AHS
LLM ZFMIERE $FEEZUR




T X FERE Al DA HRET L THRA B ()

c BEDTHFRAFESEICRICEKSIXFCEHBZFHLTHANT S

BHAEEEBLED, EXAOFAX (NTA—RBLEE) EXELCTHE
ET. BBADPELLY, ZHREXR V%I HT I EHUAIEE (Brown et al. 2020,
Wei et al. 2022a, OpenAl 2023)

b & I < EEDIEM

ABhShf-X=E

shLbhL ——> KAl K prrzric | @m HHIN3
. (3 & 18 < EEDT L)

BELWLWETAD




A=A L BIRBIEET]

c R —=NHL NF A =2, FEHEE. T2V M1 X% EIT3IFEERED L
A3 (Kaplan et al. 2020)
c BIRMEEN: HEAINTA—2H (BBHEE) Z28BRA3LAICHEHEIFEDS
(Wei et al. 2022a)
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(B) IPA transliterate  (C) Word unscramble (D) Persian QA

a0

)
=y
=]
(=)
=]
T

40 %40—

g 5

=
5 anf g 30}
—

[ B 5 . )
E 20 20

10 10 |

0- - - 0f-

i iisssl sioiial 5 poiiml o iiiiel L1 sciid o iiceed 5 ogiical 5 esiiel Ll i iiisell i sieal i coienl o iiiial 4 iis
10M 1B 10018 1B 10M 1B 1008

]
=]
T

bt
=
T

Accuracy (%
(o]
=

=
Exact match (%)

L

=
Li

RETIERNSBETILTHHREZEDDIAE FBLRY) PREINTVWS




707 OEEE (7AVYTRIVOZ

et al. 2022b)

7))

- FlaxEt S &g FLE (Few-shot prompting) (Brown et al. 2020)
- BEBEZHDEIE S LEEVMLE (BEDETH: Chain of Thought)

No. Category Template Accuracy
1 instructive  Let’s think step by step. 78.7
2 First, (*1) 77.3
3 Let’s think about this logically. 74.5
14 irrelevant By the way, I found a good restaurant nearby. 17.5
15 Abrakadabra! 15.5
16 It’s a beautiful day. 13.1

(Zero-shot) 17.7

(Wei

- FlxEEH < TH [Let's think step by step] &7 AYZ FICANB 7T T
4geD’ ML (Zero-shot prompting) (Kojima et al. 2022)




#SRETIL

C EFLESHNBEOERETV, HHOEES

HondEHICEEIEE-HD
MicEzIFETI AV T Iy TYVITEBR LS ICES

=-HD)
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\-
]
\-

kDT X FER (B): OpenAl GPT-40, DeepSeek-V3)

a7 bF — ATV — Hh

HMETILDTH R FERK (#): OpenAl GPT-5 Thinking, DeepSeek-R1)

78 7k | AIBETILV — BE/HEG —— H 7

CDER%EEIC
EmcrrL—z=v7



NIy RETI

c BEEHAD LG EHARDOER LD TER LS ICHEST=HbD
(f7l: Claude Opus 4.6 FEVIE. ChatGPT 5.4 BEtIYERX)
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